were found to explain a larger part of the earnings gap. Nevertheless, after adjusting for both supply and demand side factors, a substantial portion of the earnings differential between men and women remains (see also the review by Cain, 1986) . The remaining portion of the pay differential is taken as evidence of (a) labor market discrimination against women and/or as (b) indicative of researchers' inability to identify, measure, and control for all aspects of worker productivity.
Several problems, however, characterize this stream of research.
First, the data typically represent a snapshot at one point in time of what is really a dynamic process. This lack of attention to the dynamics of pay-setting may cause researchers to miss key elements of the process.
Thus, for example, using cross-sectional firm level data, Gerhart and Milkovich (1987) found a salary disadvantage for women, after controlling for several factors including education and experience, consistent with much previous research. In sharp contrast, however, using longitudinal data from the same firm, Gerhart and Milkovich found that women actually received more promotions and larger percentage salary increases over a six year period than did men. As a result, the raw salary differential decreased over this period. These latter findings suggested a different picture of pay-setting vis-a-vis gender in this firm.
Second, key factors on both the supply and demand side have been neglected. On the supply side, for example, men and women are unequally 4 distributed across fields of study in college (Polachek, 1978) .
It is also the case that different college majors have different average starting salaries. Consistent with these observations, Daymont and Andrisiani (1984) have found that differences between men and women in college major significantly contribute to the earnings gap. Their study, however, used a sample of new entrants to the labor market. Some question remains as to whether college major plays such a key role among cohorts having more labor market experience (Blau & Ferber, 1986 ).
On the demand side, work content is an important, but neglected factor. (1964) and Fuchs (1971) In both cases, the natural logarithm transformation is used.
Sanborn
The first set of exogenous variables, referred to as human capital (HC) variables in this study, are potential labor market experience (ageyears of schooling -6)9, its square, and education dummies for highest degree. These measures are taken at the time of first entry to the firm.
In addition, dummy variables are used for year of hire. The second set of factors are 65 dummy variables for college major.
These are based on the person's highest degree at the time of entry to the firm. Of course, as discussed earlier, college major can be thought of as a measure of the kind of human capital. (on a 1 to 4 scale with 4 being the highest rating) for both men and women.
Ordinary least squares is used to estimate the reduced form equation for current salary.
In estimating the structural model, however, two stage least squares is used to account for any correlation between starting salary and the error term in the current salary equation. Table 1 reports mean current and starting salaries for men and women.
RESULTS
In the full sample, the women/men salary ratio was lower for starting salary than for current salary. In the case of college graduates, the ratios were similar for starting and current salary. Note, however, that these raw ratios do not control for the fact that different numbers of men and women were hired in different years under different labor market conditions. The final row in Table 2 shows the result of adding dummy variables for job title to the models for current salary. This addition results in a substantial increase in the R-square in both samples. Nevertheless, the coefficients on gender remain positive and statistically significant and indicate that men's salaries are still 5.8 % higher on average than women's in the full sample, 2.9 % higher on average among college graduates.
In raw dollars, this translates into an advantage of $2,160 for men in the full sample, and an advantage of $1,095 for men in the sample of college graduates.
In view of the relatively comprehensive list of control variables, these amounts are substantial.
Estimates for the structural model appear in Tables 3 (full sample) and 4 (college graduates sample). In both Tables, the first 3 columns pertain to a model that does not include gender in the starting salary equation.
In contrast, the last 3 columns of both Tables describe a model where a gender effect is included in the starting salary equation.
In both cases, the current salary equation is estimated with and without the job title dummies in recognition of the possibility that job title assignment may not be completely exogenous to gender.
The general story in Tables 3 and 4 is that gender has its largest impact on starting salaries. Further, controlling for this effect 13 substantially reduces the impact of gender on current salaries.
For example, Table 3 shows that starting salaries were 12.2 % higher for men.
Introducing this effect for gender reduces men's advantage in current salaries from 8.7% to 2.9% in the equation without control for job titles.
Similarly, among college graduates, the starting salary advantage for men was 4.8%., compared to 1.4% for current salary (reduced from 3.8%).
Inclusion of the job title dummies does not change this general pattern.
One concern with these results is the possibility that the sample of men and women used is the result of a selection process that may be related to gender and the salary determination process, perhaps biasing the parameter estimates in the preceding models. The results shown in the first column of (Bishop, 1988; McEvoy & Cascio, 1987) .12 The second column in To determine the effect of the selection process on the substantive model, the selection model estimated on persons hired during the [1976] [1977] [1978] [1979] [1980] [1981] [1982] [1983] [1984] period was assumed to also describe the selection process for persons hired during the slightly longer 1976-1986 period. Table 6 reports the gender coefficients obtained after re-estimating the structural model with a correction for sample selection bias. A comparison of the top half of Table 6 with Table 4 and the bottom half of Table 6 with The results are shown in Table 7 . Consistent with the other analyses, college major plays an important role, accounting for 30% of the pay differential.
Note, however, that it is the unequal distribution of men and women across majors, not unequal returns to specific majors that contributes to the pay differential.
In fact, women tend to receive slightly higher returns 15 than men across majors.
The bottom of 2.Based on a survey of personnel and industrial relations executives, the Bureau of National Affairs (19B3) concluded that performance appraisal results are used by B6% of firms for making salary increase decisions and by 79% of firms for making promotion decisions concerning their white collar workers.
3.The irony is that the firm that discriminates in the short run by paying lower starting salaries to members of the disadvantaged group helps reduce discrimination in the long run by driving up salaries for this group.
4.Accuracy refers to less dispersion of observed productivity about the prediction line or surface (or a lower conditional variance). Thus, one index of accuracy is the R2.
5.Some of these data were also used by Gerhart and Milkovich (19B7) in their study of promotions and salary growth.
6.Cain (19B6) has argued that supervisory ratings of performance are not "admissible" because they "might reflect discrimination". However, the empirical evidence does not support this hypothesis, despite the fact that a large amount of both laboratory and field research has been devoted to thi~question (see Dipboye, 19B5 for a review).
7.A Bureau of National Affairs (19B5) survey found that among firms with over 1000 employees, over 60% included EEO in their manager training programs.
Further, EEO was the 4th (of 19) -most commonly included issue in such programs.
B.The necessary detailed historical data was not available prior to 1976.
9.This measure is an imperfect proxy for persons with intermittent labor force attachment (e.g. women who leave the labor force to bear and raise children).
Gerhart and Milkovich (19B7), however, found evidence that the measure was not a problem in a similar sample, perhaps because of the strong labor force attachment of professional and managerial women. See also footnote #10.
10.Year of hire and firm tenure are both included because they are not identical.
Firm tenure is based on the date used for calculating benefits. The latter date can differ from the original hire date.
Firm tenure, then, should give an accurate indication of the amount of actual time spent with the firm even for persons not continuously employed with the firm. All gender coefficients are statistically significant (p < .001).
All regressions include dummy variables for year of hire. Table 2 Gender Coefficient and R2 under Different Reduced Form Specifications N .J:-,--"-"""".'"",;",-""''''''''~''''."".;.'.......o~.;""",,..-..,".,,., '.'" '~~"""'~".".," ...
